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Examples [edit]
Some important statistical distances include the following:

« f-divergence: includes

o Kullback-Leiblerdivergence
« Hellingerdistance
« Total variation distance (sometimes just called "the" statistical distance)
« Rényi's divergence
« Jensen-Shannon divergence
« Lévy-Prokhorov metric
« Bhattacharyya distance
« Wasserstein metric: also known as the Kantorovich metric, or earth mover's distance
» The Kolmogorov-Smirnov statistic represents a distance between two probability distributions defined on a single real variable
« The maximum mean discrepancy which is defined in terms of the kernel embedding of distributions
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